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The endemic Pyrenean Desman (Galemys pyrenaicus) is an elusive, rare, and vulnerable species declining over its entire and
narrow range (Spain, Portugal, France, and Andorra). The principal set of conservation measures in France is a 5-years National
Action Plan based on 25 conservation actions. Priority is given to update its present distribution and develop tools for predictive
distribution models. We aim at building the ﬁrst species distribution model and map for the northern edge of the range of
the Desman and confronting the outputs of the model to target conservation eﬀorts in the context of environmental change.
Contrastingtoformercomparablestudies,wederiveasimplermodelemphasizingtheimportanceoffactorslinkedtoprecipitation
and not to the temperature. If temperature is one of the climate change key factors, depicted shrinkage in Desman distribution
could be lower or null at the northern (French) edge suggesting thus a major role for this northern population in terms of
conservation of the species. Finally, we question the applied issue of temporal and spatial transferability for such environmental
favourability models when it is made at the edge of the distribution range.
1.Introduction
Despite some lack of information, present knowledge sug-
gests that populations of the endemic Pyrenean Desman
(Galemys pyrenaicus) are decreasing over the entire distribu-
tion area that is, Spain, Portugal, France and Andorra (see
distributionmapontheIUCNRedlistwebsiteathttp://www.
iucnredlist.org/apps/redlist/details/8826/0/rangemap), even
undergoing a stronger decline in the former country accord-
ing to Fernandes et al. [3]. Pyrenean Desman are thus listed
as Vulnerable (Vu A2ac + 3c + 4ac) under the IUCN criteria
[4] and in the national Portuguese and Spanish Red Lists
[5]. The species may be locally considered in Critical Danger
[6] and was mentioned as “Near Threatened” in the French
Red List [7]. Worries about the present status of this species
and fears for the future (further expected realistic decline of
at least 30% over the next ten years [3]) have led to adop-
tion of diverse conservation actions in Portugal [8], Spain
[9]a n dF ra n c e[ 10]. The French National Action Plan (NAP)
for Desman runs from 2010 to 2015 and proposes 25 conser-
vation actions organized in diﬀerent objectives under three
main headings: studies, conservation, and communication.
One of the priority actions (Action 2 under Objective I-A)
is to deﬁne and standardize survey tools for the study of the
present and future distribution of the species in its French
range [10].
Eﬀective and eﬃcient development of such NAP priority
actions that involve monitoring and conservation manage-
ment require both ﬁeld surveys and predictive or species dis-
tribution modelling. Field surveys with either direct assess-
ment of individuals, or species-presence surveys provide in-
formation on the actual distribution [11, 12], but are limited2 The Scientiﬁc World Journal
by inherent diﬃculties such as nondetection [13] and by the
even more prohibitively problem nowadays of the cost in
time and/or money [14] .T h u s ,f o rD e s m a n ,a sf o ra l m o s t
all rare and elusive species, production of good distribution
modelstosupplementﬁeldsurveysiscrucialandmandatory.
Distribution models are not without their limits often linked
totherarityandelusivenessofthespeciesitself,aparadoxical
situation called the “rare species modelling paradox” by
Lomba et al. [15].
Species distribution models (SDMs) are popular tools in
ecology because of their usefulness in conservation biology
(forareviewsee[16,17]).Agoodmodelwillcapturethecor -
relation between environmental factors and the distribution
of the studied species and can be used to assess the impor-
tance of environmental speciﬁc factors and/or to predict
species’ distribution across unsampled areas in the natural
species range and to examine environmental change con-
sequences [17]. One of the important interests of SDMS is
their transferability that is, their applicability across diﬀerent
spatiotemporal patterns [18, 19].
By contrast to the Desman conservation eﬀorts in the
Iberian Peninsula area, where comprehensive speciﬁc ﬁeld
presence-absence surveys [6, 8] do coexist with model-based
approaches [1, 20], no predictive distribution model or
SDMsisavailableyetforFrance.Thislimits,forexample,any
possibility of detecting range shifts [21] or possible changes
in population declines or recovery under usual environmen-
tal scenario. SDM for Desman have been made available very
recently for the whole Iberian Peninsula as well as for its two
countries (Portugal and Spain) independently by two teams
and at the same scale. Barbosa et al. [1] used a favourability
function with a GLM approach [22]t op r o v i d em a p sw i t h
10km × 10km favourability values (range 0–1), whilst
Morueta-Holmeetal.[20]choseamachine-learningmethod
using MAXENT (maximum entropy) to produce maps with
estimates of the probability of presence (range 0–1) condi-
tionedontheenvironmentalvariablesineach10km ×10km
grid cell.
In this study, we used SDM transferability as a guide for
projecting Barbosa et al. [1] model into the remaining un-
known northern area (transferability in space) of the species
and lay the basis for future predictions of climate-change
responses (transferability in time) as Morueta-Holme et al.
[20] intend. The aim of our work is thus to produce for the
ﬁrst time an SDM for the northern edge (French part) of
the range of this species and to confront the outputs of the
model to the species presence-absence data gathered over the
recent period to produce an updated image of the actual dis-
tribution of the Desman in France, at the northern edge of
its actual natural range. This is a crucial step in order to ﬁll
the last gap in Desman distribution modelling and enable
for conservation eﬀorts at the scale of the whole distribution
area of this endemic vulnerable species. We also discuss the
applied issue of temporal and spatial transferability for such
environmental favourability models when it is made at the




gathered from a number of diﬀerent surveys. Large scale sur-
veysforPyreneanDesmanwereconductedbetween1985and
1990, using the same ﬁeld methodology (searching for scats
within the channel on emerging rocks and on river banks,
along 500m river stretches and stopping if scats found) and
observer throughout the French part of the Pyrenees. Me-
dium- and ﬁne-scale surveys were conducted in Ari` ege and
Haute-Garonne counties, also with the same ﬁeld method-
ology. This dataset consists of 1576-point data (A. Bertrand,
unpublished), and was used to map the known distribution
of the Desman in its French range. Despite some scale heter-
ogeneity in ﬁeld data collection, the prevalence of nondetec-
tion should not vary among surveys because they were all
conducted by the same observer [23].
The meteorological data used in our work came from
the output of a statistical downscaling methodology (dsclim)
that has been developed to study climate and downscale out-
put from large-scale reanalysis and global climate models
[24, 25] and applied, notably and successfully, to hydrology,
agronomy, and France mountainous areas climate studies.
The methodology is based on links between the large-scale
atmospheric circulation and the local climate. It is able to
reproduce the main characteristics of the climate (inter-an-
nual variability, average, etc.). The methodology performs a
resampling of observed days from a “training period” and
classiﬁed by weather types (e.g., days having similar atmo-
spheric circulations). The training was performed using the
National Center for Environmental Prediction (NCEP) rea-
nalysis [26] and the M´ et´ eo-France SAFRAN mesoscale mete-
orological analysis [27]. The dsclim methodology was ap-
plied using the NCEP reanalysis large-scale atmospheric
mean sea-level pressure over the period 1990–2000 to gen-
erate averaged values for the whole period for the following
meteorological parameters at an 8-km spatial resolution:
mean annual precipitation, mean annual temperature, mean
annual number of days with precipitation greater than or
equal to 0.1mm, mean relative atmosphere humidity in July
at 07h, and mean temperature in January.
2.2. Modelling Methodology. We used a favourability func-
tion with a GLM approach (full description in [1, 22]) to
model Desman distribution in France and produce environ-
mental favourability maps with 8km × 8km favourability
values. Following Barbosa et al. [1], we extrapolated the
Spanish model to French terrain and built 2 new French dis-
tribution models using the 8 environmental and spatial pre-
dictor variables (Table 1) identiﬁed in the Spanish model as
optimal for transference performance. Slight modiﬁcations
were made for solar radiation data (see erratum in [2]). Of
the new models, one GLM approach included latitude, as
well as the environmental predictor variables for input, while
a second GLM approach allowed only environmental pre-
dictor variables. Assessment of model’s accuracy and perfor-
mancewasmadeusingasetofselectedindices(deﬁnitionsin
[17, 28, 29]) with emphasis on discrimination capacity and
not reliability [30]. Among the available threshold-depend-
ent indices speciﬁcity, we chose the following simple and in-
tuitive measures for the model’s performance: sensitivity,The Scientiﬁc World Journal 3
Table 1: Selected variables (in bold) among the initial set of environmental variables with coeﬃcient values of each and order of inclusion
in the model (number between bracket).




Code (Barbosa et al. [1]) Present study Present study
Mean altitude(m) Alti Alti (6) 0.0021 Alti (6) 0.02967 Alti250 (1) 0.00248
Mean slope (degrees) Slop
Mean annualprecipitation(mm) Prec Prec (1) 0.00077 Prec (3) −0.002588 Prec (3) −0.003152
Mean relative air humidity in January (%) HJan
Mean relativeair humidityinJuly(%) HJul HJul (4) −0.10 HJul (4) −0.4211
Mean annual insolation (h/year) Inso
Mean annual solar radiation(kwh/m2/day) SRad SRad (8) 0.013 SRad (2) −153.6 SRad (5) −43.11
Mean temperature in January (◦C) TJan TJan (7) 0.43
Mean temperature in July (◦C) TJul
Mean annual temperature (◦C) Temp Temp (2) −0.60 Temp (1) 0.3106
Mean annual number of frost days (min T <0◦C) DFro
Mean annual potential evapotranspiration (mm) PET
Mean annual actual evapotranspiration (mm)
(=Min [PET, Prec] AET
Maximum precipitation in 24h (mm) MP24
Relative maximum precipitation (= MP24/prec) RMP
Mean annual number of days with precipitation >0.1mm DPre DPre (3) 0.0027 DPre (5) 0.08299 DPre (2) 0.1059
Annual temperature range (◦C) (= TJul − TJan) TRan
Annual relative air humidity range (◦C) (= HJan − HJul) HRan
Distance to the nearest highway (km) DHi
Distance to the nearest town >100 000 hab (km) U100
Distance to the nearest town >500 000 hab (km) U500
Latitude(◦N) Lati Lati (5) 1.13 Lati (3) −8.826
Longitude (◦E) Long
Constant −44.63 Constant (481) Constant (496.9)
speciﬁcity, percent correctly classiﬁed (PCC also called over-
all accuracy (OA)), proportion of predicted present correctly
predicted (PPP), proportion of predicted absent correctly
predicted (NPP), and true skill statistic (TSS). Compared
with the widely used Kappa index, the latter presents the ad-
vantage of being independent of prevalence [28]. The well-
used area under the ROC curve (AUC) was used as a thresh
-old-independent index with the further advantage of also
being independent of prevalence.
3. Results andDiscussion
This paper brings for the ﬁrst time environmental and geo-
graphical information on the distribution of Desman in its
northern marginal distribution, as expressed by SDM. The
threetestedmodelsfortheFrenchpartofDesmanrangepro-
duced very diﬀerent predictions (Figure 1) with marked dif-
ference in performance (Figure 2). The Spanish model, de-
scribed as the better predictive one among the so far tested
predictive models by Barbosa et al. [1] and thus the best can-
didate for transference to other geographical areas, displayed
very poor predictive ability for the French range of the spe-
cies. For the Spanish model, PCC and PPP were far lower
than for French models whereas NPP was comparable and
sensitivity higher; true skill statistics (TSS) was negative in
the case of the Spanish model, indicating a performance no
better than random [28]. The AUC value was lower in the
Spanish model (0.534) compared with the two French mod-
els (0.754 and 0.887). The French models had higher dis-
crimination capacity, with the simplest one (5 variables in-
cluding latitude) achieving a high level of performance. The
latitude factor proved to be a key factor despite the fact that
its importance was not immediately apparent at the step of
conceiving the study. Excluding latitude (keeping “mean
summer relative humidity” (HJul) and “mean annual tem-
perature” (Temp) as in the Spanish model) skewed the dis-
tribution and underestimated favourability in the eastern
part of the French Pyrenean area. The best predictive model
for the French part, at the northern edge of the natural Des-
man range, was thus a simpler model using only 5 variables
(compared to the 8 variables required in the Spanish one
Table 1).
The preferred model emphasized the importance of fac-
tors linked to precipitation (“Mean annual precipitation”
Prec and “Mean annual number of days with precipitation













Figure 1: Superposed known distribution (Presence only—orange dots) of Galemys pyrenaicus and environmental favourability map
(favourability values ranging from 0 to 1) for the French part of the species range as given by the 3 models chosen (selected variables and
coeﬃcients in Table 1): (a) Transferred environmental favourability model described by Barbosa et al. [1] under the name “Spanish model”
and corrected for SRad range error (see erratum by Barbosa et al. [2]). (b) newly proposed model (French model without “Latitude”). (c)


















































Figure 2: Performance scores for each environmental favourability
model: sensitivity, speciﬁcity, percent correctly classiﬁed (PCC),
proportion of predicted present correctly predicted (PPP), propor-
tionofpredictedabsentcorrectlypredicted(NPP),trueskillstatistic
(TSS), and Area under the ROC function. (Legend: black and white
stripes: French model without “Latitude”; black bars: (French
model with “Latitude”; white bars: “Spanish model”).
with the key results of Barbosa et al. [1] and even those of
the Maxent-derived approach used by Morueta-Holme et al.
[20],wherebothteamsconcludedthatsummertemperature,
combined with precipitation characteristics, had a critical
role in inﬂuencing the distribution of the species in the
Iberian Peninsula.
The second main conclusion of this study is the lack of
transferability for the Spanish environmental favourability
model, contrasting with Barbosa et al. [1] assertion that this
modelcouldhavehightransferabilityandthuspotentialcon-
servation issues. Indeed, failure to achieve full transferability
inspaceormarkedasymmetryintransferabilitybetweendif-
ferent regions is not puzzling and has been documented for
many species. Numerous recent contributions and reviews
have listed and analysed reasons why SDMs fail sometimes
in being eﬀectively transferable [17, 19, 31]. Apart from
the considerable variation in the transferability of SDMs
between modelling techniques addressed in these papers
[31, 32], the depicted pitfalls forregional variation fall in two
main groups [19]: (1) peculiarities of these regions within
the species natural range, involving for example diﬀerences
in the ranges of environmental predictors [29] or the varied
impact of land-use history [33] and (2) species-speciﬁc
reasons like diﬀerential phenotypic plasticity or existence of
ecotypes [34].The Scientiﬁc World Journal 5
We hypothesize that large-scale eﬀects, mainly the ge-
ographical situation of the study areas at the edge of the
present distribution range of the species, aﬀected transfera-
bility.Indeed,theprominentcontrastinthephysical/climatic
characteristics of the tiny northern part of the range (rainy
north-facing slopes of the French Pyr´ en´ ees dominated by
Atlantic climatic inﬂuence), and the large southern part of
the species range (drier south-facing slopes of the South
Pyr´ en´ ees, under Mediterranean climatic inﬂuence) is prone
toimpingeontherelativeinﬂuenceofselectedfactors(main-
ly precipitation and temperature) for the models and thus
inﬂuence transferability. We cannot exclude the possibility
thatotherlarge-scaleeﬀects(suchasbiologicalqualityofriv-
ers, importance of fully protected areas in each country, wa-
tershed fragmentation by hydro-electrical power schemes,
anddiﬀerential ﬂowmanagement)or ﬁne scaleseﬀects(such
as physical features of the river habitat at channel/bank level
or biotic interactions) are at work. Yet, the so-far described
models could still fail at capturing the actual environmental
factors explaining present distribution of the Desman. Even-
tually, one cannot exclude that diﬀerential phenotypic plas-
ticity or ecotypes exist. We could speculate that a “northern”
ecotype exists at the northern marginal edge in the French
Pyr´ en´ ees and that little genetic exchange with another
“southern” ecotype in the Iberian Peninsula occurs, some-
thing that can be tested properly with the genetic tools avail-
able [35]. Both hypothesis (north-south contrast and exis-
tence of ecotypes) are supported by the fact that our ﬁndings
emphasize the importance of factors linked to the regime of
precipitation and not to the temperature. In the context of
the global climate change, assuming that temperature is one
of the key factors at work, expected shrinkage in Desman
distribution [20] could be lower or null at the French edge
suggesting thus a diﬀerent trajectory for the French popula-
tion of Desman and a key role in terms of conservation of
the species. If true, it could by consequence partly challenge
recent claims on Desman range shift following climate
change and totally invalidate proposed assisted migration for
this species [20, 36].
To conclude, bearing in mind that the SDM literature is
not yet completely established at least to the necessary oper-
ational state providing clear guidance for selecting relevant
methods [31], our GLM study along with that of Barbosa et
al.[1]addnowtosupplyacomprehensiveSDM-derivedmap
of the present whole-range Desman distribution. It provides
better opportunity to revisit range-shift scenarios especially
at northern limits of the species range, explore the possible
existence of diﬀerential phenotypic plasticity or ecotypes,
and monitor this rare species at distinct spatial scale. With
both comprehensive predictive distribution modelling infor-
mation now at hand, progress can be made on questions
about small-size population genetics and on the urgent need
for an eﬃcient monitoring programme for the Desman NAP
[10].TheendemicvulnerablePyreneanDesmanalsoappears
to be a good example species to address the challenging “rare
species modelling paradox” [15] and add to the debates
on the biological consequences of increasing “edge eﬀects”
(edges becoming proportionately greater relative to core
areas following ecosystem fragmentation [37]) and to the
contribution of so-called “matrix species” versus “edge-
preferring species” to the comprehension of species-area
relationships [38].
Acknowledgments
M. Williams-Tripp was supported during her ﬁeld work in
France by a Postgraduate Award from “Communaut´ ed ’ A g -
glom´ eration Pau-Pyr´ en´ ees” (Bourse d’Excellence CDAPP
2009) and by the New Zealand Institute of Mathematics and
its Applications. The authors would like to thank Laurent
Terray and Sylvain Delzon for providing data. Philippe Reg-
nacq, Pascual L´ opez-L´ opez and Ana Marcia Barbosa pro-
vided some useful feedback on the use of model inputs.
References
[1] A.M.Barbosa,R.R eal,andJ .M arioV argas,“T ransferabilityof
environmental favourability models in geographic space: the
case of the Iberian desman (Galemys pyrenaicus)i nP o r t u g a l
and Spain,” Ecological Modelling, vol. 220, no. 5, pp. 747–754,
2009.
[ 2 ] A .M .B a r b o s a ,R .R e a l ,a n dJ .M .V a r g a s ,“ E r r a t u mt o“ T r a n s -
ferabilityofenvironmentalfavourabilitymodelsingeographic
space: the case of the Iberian desman (Galemys pyrenaicus)i n
Portugal and Spain“ [Ecol. Model. 220 (2009) 747-754],” Eco-
logical Modelling, vol. 222, no. 4, p. 1067, 2011.
[3] M. Fernandes, J. Herrero, S. Aulagnier, and G. Amori, “Gale-
mys pyrenaicus,” In: IUCN 2011. IUCN Red List of Threatened
Species. Version 2011.1., http://www.iucnredlist.org/.
[4] IUCN 2011. IUCN Red List of Threatened Species. Version
2011.1, http://www.iucnredlist.org/.




Geoﬀroy Saint-Hilaire, 1811),” in Atlas de los Mam´ ıferos Ter-
restres de Espa˜ na,L .J .P a l o m oa n dJ .G i s b e r t ,E d s . ,p p .7 0 – 7 3 ,
Direcci´ onGeneraldeConservaci´ ondelaNaturaleza-SECEM-
SECEMU, Madrid, Spain, 2002.
[7] H. Maurin and P. Keith, Inventaire de la Faune Menac´ ee en
France—Le Livre Rouge,M u s´ eum National d’Histoire Nature-
lle/WWF/Nathan, Paris, France, 1994.
[ 8 ] A .I .Q u e i r o z ,C .M .Q u a r e s m a ,C .P .S a n t o s ,A .J .B a rb o s a ,a n d
H. M. Carvalho, Bases Para a Conservac ¸˜ ao da Toupeira-de-
´ agua, Galemys Pyrenaicus, vol. 27. ICN, Estudos de Biologia
eC o n s e r v a c ¸˜ ao da Natureza, Lisbon, Portugal, 1998.
[9] Anonymous, “Bases para una estrategia nacional de conser-
vacion del Desman iberico, Galemys pyrenaicus,” Actividades
2009/2010. Associacion GALEMIA, pp. 26, 2008.
[10] M.N´ emozandA.Bertrand,“Plannationald’Actionsenfaveur
du Desman des Pyr´ en´ ees (Galemys pyrenaicus), 2010–2015.
Soci´ et´ eF r a n c ¸aise pour l’Etude et la Protection des Mam-
mif` eres/Minist` ere de l’Ecologie, de l’Energie, du Developpe-
m e n tD u r a b l ee td el ’ A m ´ enagement du Territoire,” pp. 159,
2009.
[11] J. H. Brown, “On the relationship beween abundance and dis-
tribution of species,” American Naturalist, vol. 124, no. 2, pp.
255–279, 1984.
[12] T. V´ aclav´ ık and R. K. Meentemeyer, “Invasive species dis-
tribution modeling (iSDM): are absence data and dispersal6 The Scientiﬁc World Journal
constraints needed to predict actual distributions?” Ecological
Modelling, vol. 220, no. 23, pp. 3248–3258, 2009.
[13] D. I. MacKenzie, “What are the issues with presence-absence
data for wildlife managers?” Journal of Wildlife Management,
vol. 69, no. 3, pp. 849–860, 2005.
[14] E. McDonald-Madden, P. W. J. Baxter, R. A. Fuller et al.,
“Monitoring does not always count,” Trends in Ecology and
Evolution, vol. 25, no. 10, pp. 547–550, 2010.
[15] A. Lomba, L. Pellissier, C. Randin et al., “Overcoming the rare
species modelling paradox: a novel hierarchical framework
applied to an Iberian endemic plant,” Biological Conservation,
vol. 143, no. 11, pp. 2647–2657, 2010.
[16] J. Elith and J. R. Leathwick, “Species distribution models:
ecological explanation and prediction across space and time,”
Annual Review of Ecology, Evolution, and Systematics, vol. 40,
pp. 677–697, 2009.
[17] J.Miller,“Speciesdistributionmodeling,”GeographyCompass,
vol. 4, no. 6, pp. 490–509, 2010.
[18] B. Schroder and O. Richter, “Are habitat models transferable
in space and time?” Zeitschrift fur Okologie und Naturschutz,
vol. 8, no. 4, pp. 195–205, 1999.
[19] C. F. Randin, T. Dirnb¨ ock, S. Dullinger, N. E. Zimmermann,
M. Zappa, and A. Guisan, “Are niche-based species distribu-
tion models transferable in space?” Journal of Biogeography,
vol. 33, no. 10, pp. 1689–1703, 2006.
[20] N.Morueta-Holme,C.Fl¨ ojgaard,andJ.C.Svenning,“Climate
change risks and conservation implications for a threatened
small-range mammal species,” PLoS ONE, vol. 5, no. 4, Article
ID e10360, 2010.
[21] M. W. Tingley and S. R. Beissinger, “Detecting range shifts
from historical species occurrences: new perspectives on old
data,” Trends in Ecology and Evolution, vol. 24, no. 11, pp. 625–
633, 2009.
[22] R. Real, A. M. Barbosa, and J. M. Vargas, “Obtaining envi-
ronmental favourability functions from logistic regression,”
Environmental and Ecological Statistics, vol. 13, no. 2, pp. 237–
245, 2006.
[23] A. Bertrand, R´ epartition G´ eographique et Ecologie Alimentaire
du Desman des Pyr´ en´ ees Galemys pyrenaicus (Geoﬀroy, 1811)
dans les Pyr´ en´ ees franc ¸aises, Diplˆ ome Universitaire de Recher-
che, Toulouse, France, 1994.
[24] J. Bo´ E, L. Terray, E. Martin, and F. Habets, “Projected changes
in components of the hydrological cycle in French river basins
during the 21st century,” Water Resources Research, vol. 45, no.
8, Article ID W08426, 2009.
[25] C. Pag´ e, L. Terray, and J Bo´ E, “dsclim: a software package to
downscale climate scenarios at regional scale using a weath-
er-typing based statistical methodology,” Tech. Rep. 1875,
Toulouse, France, 2009, TR/CMGC/09/21. SUC au CERFACS,
URA CERFACS/CNRS .
[26] R. Kistler, E. Kalnay, W. Collins et al., “The NCEP-NCAR 50-
year reanalysis: monthly means CD-ROM and documenta-
tion,” Bulletin of the American Meteorological Society, vol. 82,
no. 2, pp. 247–267, 2001.
[27] P. Quintana-Segu´ ı, P. Le Moigne, Y. Durand et al., “Analysis of
near-surface atmospheric variables: validation of the SAFRAN
analysis over France,” Journal of Applied Meteorology and Cli-
matology, vol. 47, no. 1, pp. 92–107, 2008.
[28] O.Allouche,A.Tsoar,andR.Kadmon,“Assessingtheaccuracy
of species distribution models: prevalence, kappa and the true
skill statistic (TSS),” Journal of Applied Ecology, vol. 43, no. 6,
pp. 1223–1232, 2006.
[29] A. H. Fielding and P. F. Haworth, “Testing the generality of
bird-habitat models,” Conservation Biology, vol. 9, no. 6, pp.
1466–1481, 1995.
[30] C. Liu, M. White, and G. Newell, “Measuring the accuracy
of species distribution models: a review,” in Proceedings of the
18th World IMACS/MODSIM Congress, Cairns, Australia, July
2009, http://www.mssanz.org.au/modsim09/.
[31] J. Elith and C. H. Graham, “Do they? How do they? WHY do
they diﬀer? on ﬁnding reasons for diﬀering performances of
species distribution models,” Ecography, vol. 32, no. 1, pp. 66–
77, 2009.
[32] S. J. Phillips, R. P. Anderson, and R. E. Schapire, “Maximum
entropymodelingofspeciesgeographicdistributions,”Ecolog-
ical Modelling, vol. 190, no. 3-4, pp. 231–259, 2006.
[33] T.Dirnb¨ ock,S.Dullinger,andG.Grabherr,“Aregionalimpact
assessment of climate and land-use change on alpine vegeta-
tion,” Journal of Biogeography, vol. 30, no. 3, pp. 401–417,
2003.
[34] I. Segura, A. Rocha-Olivares, S. Flores-Ram´ ırez, and L.
Rojas-Bracho, “Conservation implications of the genetic and
ecological distinction of Tursiops truncatus ecotypes in the
Gulf of California,” Biological Conservation, vol. 133, no. 3, pp.
336–346, 2006.
[35] D. L. Hartl and A. G. Clark, Principles of Population Genetics,
Sinauer Associates, Sunderland, Mass, USA, 4th edition, 2007.
[36] O. M. W. Richmond, J. P. McEntee, R. J. Hijmans, and J. S.
Brashares,“Istheclimaterightforpleistocenerewilding?using
species distribution models to extrapolate climatic suitability
for mammals across continents,” PLoS ONE, vol. 5, no. 9,
Article ID e12899, pp. 1–11, 2010.
[37] D. A. Saunders, R. J. Hobbs, and C. R. Margules, “Biological
consequences of ecosystem fragmentation: a review,” Conser-
vation Biology, vol. 5, no. 1, pp. 18–32, 1991.
[38] G.L.L¨ ovei,T.Magura,B.T´ othm´ er´ esz,andV.K¨ od¨ ob¨ ocz,“The
inﬂuence of matrix and edges on species richness patterns
of ground beetles (Coleoptera: Carabidae) in habitat islands,”
Global Ecology and Biogeography, vol. 15, no. 3, pp. 283–289,
2006.